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Presentation
EdTech programmes hold great promise for improving 
education. Yet this promise has still to be proven and 
harnessed in different contexts, and many initiatives do not 
always prioritise conducting an impact evaluation to assess 
their merits and limitations. Implementers need evidence 
to decide whether to improve the programme, continue 
investing in it, scale it to new settings or discontinue it. They 
should not have to wait for ideal evaluation conditions 
before they begin learning from the work they are doing.

This framework is meant to serve as an evaluation lens for organisations that 
implement EdTech programmes and commission evaluations: foundations, 
non-governmental organisations and education ministries, among others. It 
helps them work with evaluators to ask better, more appropriate questions; 
ensure the production of the right information to support decision-making; and 
interpret evaluation findings responsibly, by understanding what an impact eva-
luation can and cannot do.

In particular, this framework advocates for well-designed quasi-experimen-
tal evaluations, because this is the reality many organisations face: randomi-
sed assignment is often unavailable or unsuitable for the decision at hand, yet 
a credible design is still needed to measure an intervention’s effects. The value 
of such a design depends on a defensible comparison, meaningful outcomes 
and a clear account of its assumptions and limitations. Evidence about how a 
programme was implemented, for whom and under which conditions is equally 
important for deciding what to do next. Usage figures alone cannot establish an 
effect on learning, and an effect estimate alone cannot tell an organisation how 
to improve or sustain an intervention.

The eight standards in this framework provide a shared lens for commissioning, 
conducting and reading such evaluations. They help implementers and evalua-
tors agree on what evidence is sensible to generate, identify risks to the con-
clusions and explain what remains uncertain. They also bring costs into view: a 
programme may need to achieve better outcomes with the limited available 
resources or maintain its outcomes at a lower cost. Evaluation should inform 
these choices throughout the programme’s development, rather than arrive only 
as a final verdict.

The framework grew out of a technical workshop convened by Fundación 
ProFuturo and SUMMA in Madrid on 3–4 March 2026. The aim of the meeting was 
Building a Framework for Measuring the Impact of EdTech Interventions. This 
report reflects the discussions, ideas and a shared effort with peers from EdTech 
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practice, research and international organisations to make evaluation more 
useful for decision-makers.

The workshop itself builds on a collaboration that ProFuturo and SUMMA have 
sustained over several years, in which SUMMA has evaluated the ProFuturo pro-
gramme in Latin America by combining quasi-experimental estimates of its 
effects on learning, based on national administrative data, with qualitative stu-
dies of how it is implemented in schools. 

In this sense, we invite the local and international community to read this fra-
mework as an argument for why measuring impact matters, even where organi-
sations are not yet able to act on it. Many implementers recognise the value of 
evaluation but lack the time, capacity or resources to prioritise it. Others assume 
that measuring impact requires a randomised controlled trial, and that such a 
design is out of reach in the real conditions in which their programmes operate. 
For them, the framework offers a clear map of what doing this well involves, so 
that the building blocks are ready when they decide to begin. The real test will 
be its practical use: only by applying it will we learn how much a tool like this can 
contribute.

Lola Martínez Bernabéu
Managing Director, ProFuturo Foundation

Javier González Díaz
Director, SUMMA Foundation 
Laboratory of Education Research 
and Innovation for Latin America 
and the Caribbean
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01



M E ASU R I N G W H AT M AT T E RS I N E DT ECH I N N OVAT I O N S 7

Educational technologies (EdTech) are firmly established in 
the world of education. Digital platforms, online resources, 
adaptive learning systems or hybrid models of instruction 
are promoted as ways to support the teaching and 
learning process and improve learning opportunities. Yet 
the potential of EdTech is neither automatic nor uniform. 
Technology can contribute to addressing educational 
challenges, but its benefits depend on the conditions of 
access, pedagogical use, governance, sustainability and 
inclusion under which it is implemented (UNESCO, 2023, 
Haßler et al., 2025, Castillo-Canales et al., 2026). Without 
these conditions, solutions designed to reduce learning 
gaps may reproduce or deepen existing inequalities.

Getting this right has become more urgent. The COVID-19 pandemic intensi-
fied an already existing learning crisis (West, 2023). Learning poverty in low- and 
middle-income countries increased substantially after the pandemic, rea-
ching approximately 70% in 2022 (World Bank, 2022), and learning losses larger 
among disadvantaged students (Betthäuser et al., 2023). This context created 
an urgent demand for solutions capable of supporting learning recovery, redu-
cing inequalities and strengthening system resilience.

Decision-makers, at the policy and school practice level in the global south, face 
the challenge of taking decisions with limited resources and in contexts with 
acute social and economic needs. In these types of contexts, knowing whether 
an intervention works is therefore not enough. There is also a need to know whe-
ther its potential effects justify the full costs of investing in infrastructure, con-
nectivity, maintenance, teacher training, school adaptations, technical support, 
and whether it is affordable at scale and sustainable over time (Plaut, 2024). This 
calls for impact evaluation that is rigorous and fit for purpose (Foster et al., 2023; 
EdTech Hub, 2026).

In Latin America and the Caribbean, the impact of EdTech depends less on 
the mere introduction of devices and platforms, and more on the institutional, 
pedagogical and technological conditions that allow those tools to be used 
with pedagogical purpose. These include ICT infrastructure, institutional capa-
cities, adequate governance, public-private coordination and programme 
sustainability are central conditions for maximizing the impact of EdTech inter-
ventions (Castillo-Canales et al., 2023; Cueto et al., 2023). From this perspec-
tive, the relevant question is not only whether an EdTech works, but under 
what conditions, for whom, in which contexts it can effectively contribute to 
improving learning.

EdTech innovation, investment and scaling often move faster than the capacity 
of education systems to generate, interpret and use robust evidence. In many 
low- and middle-income contexts, decisions to adopt or scale an intervention 
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are made with limited information, fragmented data and few independent eva-
luations. The evidence that exists is often weakly comparable, insufficiently 
transparent or dependent on provider-generated claims (West, 2023; UNESCO, 
2023; Cueto et al., 2023; Plaut, 2024). These tensions are particularly acute in 
constrained evidence systems, where data systems, analytical capacity, eva-
luative independence and demand for evidence are still developing (Suazo-
Galdames et al., 2025; Gough et al., 2020).

In this context, estimating the impact of an intervention on learning is essential. 
However, the reference standard for doing so, the randomised controlled trial 
(RCT), is often not feasible, because many programmes are already running at 
scale when the question of impact arises. The impossibility of randomising is 
not a reason not to evaluate. Well-designed quasi-experimental designs (QEDs) 
can generate rigorous evidence on programmes already in motion and under 
real-world conditions, provided their assumptions and limitations are made 
explicit. The challenge is therefore not only to produce more evidence, but to 
produce relevant evidence that can inform programme improvement, policy and 
school decisions.

This framework is primarily written for teams that implement EdTech programmes 
and commission evaluations: foundations, NGOs, social enterprises and minis-
try programme teams. Its contribution is to help them commission and conduct 
better evaluations. By better evaluations we mean evaluations that can credibly 
and reliably estimate effects on learning or other relevant education outcomes, 
but also to understand how and what specific mechanisms can help explain why 
those effects tend to happen or fail to occur.

Evaluators can use the same standards to justify their design choices, assess 
risks to the findings and report the limits of their conclusions. School leaders and 
teachers should also know why an evaluation is being conducted, what it involves 
and how its findings will be used (SUMMA, 2024).

The framework serves three moments:

01
Before an evaluation, use 
it to agree on the interven-
tion being assessed, the 
outcomes that matter, the 
feasible comparison, the 
implementation informa-
tion to collect and the costs 
to document.

02
During an evaluation, use 
it to check that the pro-
gramme is delivered as 
planned, record changes 
to the platform, content or 
delivery model, document 
deviations from the analy-
sis plan and detect attrition 
or missing data in time to 
address them.

03
After an evaluation, use it 
to judge what the findings 
support and whether they 
are sufficient to improve, 
continue, adapt, scale 
or discontinue the pro-
gramme. The strength of 
evidence required should 
reflect the importance and 
consequences of 
that decision.
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The framework proposes eight actionable quality standards for conducting 
and interpreting QEDs in EdTech. It does not present QEDs as a self-sufficient 
answer to the question of what works. It treats them as one piece of a shared and 
evolving evidence infrastructure, in which knowledge gaps are addressed pro-
gressively by triangulating impact estimates with evidence on implementation, 
qualitative insight into how change unfolds across contexts and subgroups, cost 
information and longitudinal monitoring. High-quality evidence of impact is pos-
sible when evaluations keep in mind the decision they must inform, acknowledge 
the limitations of context, data and methods, and combine different approaches 
to establish what can and cannot be attributed to the intervention.



Key concepts and what 
this framework adds

02
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What do we mean by impact 
in EdTech interventions?
In many educational initiatives that rely on digital devices (EdTech) to improve 
learning outcomes, evidence of access, use or engagement is treated as an 
indication of effectiveness. However, devices distributed, platform usage, com-
pletion of digital activities or time spent online can inform adoption and imple-
mentation, but they do not demonstrate by themselves that an intervention 
improved learning or changed educational trajectories (Kucirkova et al., 2024; 
West, 2023; Plaut, 2024).

Impact in EdTech should be understood as a causal claim, this is, a change that 
can be plausibly attributed to an intervention, in relation to outcomes that matter 
for students, teachers, schools or systems. This requires distinguishing between 
access to technology, intensity of use, changes in pedagogical practice, student 
engagement, and learning outcomes, progression indicators and system-level 
effects. Each level can be valuable, but each point to different types of inferen-
ces: a programme may be widely used without improving learning; an initiative 
can improve engagement without changing academic outcomes; an innovation 
can generate effects only under specific implementation conditions (Kucirkova 
et al., 2024; Foster et al., 2023; Garg & Bakker, 2025).

From a methodological perspective, the aim is to isolate the effect of the inter-
vention as far as possible. This framework is oriented towards strengthening 
attribution. Where a design cannot fully support it, the claim should be qualified 
and its limits made explicit. In such cases, it may be more appropriate to speak of 
a plausible contribution to change, provided that mechanisms, implementation 
conditions, process evidence and limitations are made explicit.

These distinctions matter because EdTech initiatives generate large volumes 
of data that can make programmes appear more measurable than they are. 
Platform analytics, dashboards and usage indicators can support monitoring 
and improvement, but they can also distort evaluation if they substitute indepen-
dently measured outcomes. In EdTech, the risk is not only measuring irrelevant 
outcomes, but measuring what is easiest to collect rather than what is educatio-
nally meaningful (Kucirkova et al., 2024; UNESCO, 2023).

A stronger approach connects impact claims to a clear theory of change. The 
theory of change specifies what the intervention is expected to change, through 
which mechanisms (for example adaptive practice, additional learning time, tea-
cher support or feedback loops), for whom and under what conditions (Sharples 
et al., 2024). Without this clarity, impact estimates may indicate whether outco-
mes changed but say little about why those changes occurred or whether they 
can be sustained, adapted or replicated elsewhere (Damschroder et al., 2009).

Impact is not as a single metric, but an evaluative claim that depends on alig-
nment between intervention logic, outcome measurement, implementation 
conditions and causal design. This framing is consistent with EdTech quality fra-
meworks that distinguish evidence of use from evidence of efficacy or effec-
tiveness, and with implementation-oriented approaches that emphasise how 
programmes operate in context (Kucirkova et al., 2024; Foster et al., 2023).

2.1



M E ASU R I N G W H AT M AT T E RS I N E DT ECH I N N OVAT I O N S 12

Why quasi-experimental designs?
Once impact is understood as a causal claim, the evaluation challenge is to esti-
mate what would likely have happened in the absence of the intervention. This 
counterfactual problem is especially difficult in education systems, where pro-
grammes are rarely implemented in neutral conditions. Schools, teachers or stu-
dents who participate in an EdTech programme may differ systematically from 
those who do not, including differences in motivation, leadership, resources, 
connectivity, prior achievement or institutional capacity.

As the literature suggests, Randomised Controlled Trials (RCTs) can provide 
strong causal evidence when they are feasible, ethical and aligned with imple-
mentation conditions. However, many EdTech programmes are evaluated after 
they have already been implemented, expanded or embedded into policy deci-
sions (Kucirkova et al., 2024). In these cases, random assignment may no longer 
be possible, politically acceptable or useful for the decision at hand, especially 
in large-scale programmes, public-private partnerships, regional initiatives or 
interventions already operating across schools and territories because educa-
tional and social needs are urgent to address.

Quasi-experimental designs (QEDs) can be a pragmatic and rigorous response 
to a common real-world situation. This solution offers an answer to the ques-
tion of how to estimate effects when randomisation is not possible nor available. 
Designs such as difference-in-differences, regression discontinuity, interrupted 
time series, matching approaches or combinations of these methods can stren-
gthen causal inference by constructing a credible comparison group or using 
existing implementation rules, time variation or eligibility thresholds.

The value of QED lies not in being easier alternatives to experiments, but in 
making explicit the assumptions under which causal claims can be made 
using observational, administrative or implementation data (What Works 
Clearinghouse, 2022; Scher et al., 2015; Waddington et al., 2014; Barker et 
al., 2024).

QEDs do not automatically produce credible evidence. A poorly designed 
model can overestimate or underestimate the effect of an intervention, especia-
lly when selection bias, baseline imbalance, differential attrition, weak outcome 
measurement or implementation heterogeneity are not adequately addressed 
(Sterne et al. 2016; What Works Clearinghouse, 2022).

For EdTech, these risks are particularly acute because participation may be 
shaped by digital infrastructure, school readiness, teacher motivation, prior 
technology use, provider engagement or differential access among students. In 
these cases, the comparison group may look similar on paper while still differing 
in ways that matter for outcomes (Waddington et al., 2014).

This is why QEDs to be conducted with rigour require explicit quality standards. 
A credible QED needs to define the intervention and comparison condition 
clearly, specify the estimand, justify the identification strategy, assess baseline 
comparability, document data limitations, measure outcomes independently 
where possible, report missing data and attrition, and interpret results in light of 

2.2
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implementation variation (What Works Clearinghouse, 2022; Sterne et al., 2016; 
Des Jarlais, et al., 2004).

Their credibility is further strengthened when they are combined with implemen-
tation analysis, qualitative evidence, heterogeneity analysis and costing. Read 
this way, the framework is better understood as a proposal for building an ecolo-
gical perspective on the role and value of evaluation in educational improvement, 
rather than as a purely methodological guide.

What exists and what this framework adds

A growing number of frameworks guide how evaluations and EdTech interven-
tions should be assessed. They fall into three families:

Family Examples Main contribution Primary target audience

Methodological 
standards for 
impact evaluation

What Works Clearinghouse 
procedures and standards han-
dbook, ROBINS-I, JBI Critical 
Appraisal Tools, Transparent 
Reporting of Evaluations with 
Nonrandomized Designs 
(TREND)

What non-randomised evaluations 
require to be credible: addressing 
selection, baseline imbalance, attrition, 
measurement and selective reporting.

Researchers and systema-
tic reviewers: standards to 
appraise the risk of bias of 
impact studies and to report 
them transparently

Implementation 
frameworks

Education Endowment 
Foundation: A School’s Guide 
to Implementation. Guidance 
Report; Consolidated 
Framework for Implementation 
Research (CFIR).

Impact depends on how programmes 
are introduced, adapted, supported 
and sustained in real settings.

The importance of understanding 
the problem, preparing the system, 
supporting adoption, monitoring 
delivery and using evidence for 
improvement.

School leaders and imple-
mentation teams: guidance 
to plan, deliver and sustain 
change in schools

EdTech-specific 
frameworks

Consolidated Benchmark; 
EdTech quality frameworks; 
EdTech Hub toolkit

Evidence of use is not evidence of effi-
cacy; fitness for purpose, pedagogical 
value and implementation context also 
matter (Kucirkova et al., 2024; Foster et 
al., 2023; EdTech Hub, 2026).

EdTech developers, inves-
tors, procurers and policy-
makers: criteria to judge the 
quality and evidence claims 
of EdTech products and 
programmes

Taken together, these frameworks provide a strong foundation for designing a 
guidance of quality standards for conducting impact evaluations. However, they 
do not offer a clear route for integrating causal credibility, implementation qua-
lity, outcome validity, cost and context into a single applied evaluation process. 
Nor are they designed primarily for those who commission evaluations of pro-
grammes already in motion.

EdTech evaluations rarely follow methodological textbooks: programmes may 
be implemented before the evaluation begins, comparison groups may be built 
from administrative data, platform versions may change during implementation, 
usage data may be proprietary, and implementation quality may vary across 
schools, teachers and territories. This framework does not replace existing 
standards. It translates their most relevant contributions into actionable criteria, 
organised around eight practical risks:

2.3
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01
Theory of change 
and evaluative clarity

02
Selection, comparability 
and causal credibility

03
Outcome validity and 
meaningful measurement

04
Implementation and 
contextual transparency

05
Missing data, attrition 
and robustness

06
Cost, affordability 
and sustainability

07
Transparency, reporting 
and interpretability

08
Transferability 
and progressive 
strengthening of evidence

Its purpose is not to eliminate the trade-offs between rigour, feasibility and use, 
but to make them visible. That way, those who commission and conduct eva-
luations can agree on what can be concluded, what remains uncertain and what 
evidence should be strengthened next.

An EdTech intervention may be well designed but 
poorly implemented; widely used but ineffective; 
promising in one context but not scalable.



Actionable Quality Standards 
for Quasi-Experimental 
Evaluations in EdTech

03
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This section presents eight actionable standards for quasi-
experimental designs in EdTech. Table 1 summarises each 
standard: its main safeguard, a key question for those 
who commission evaluations and the minimum actionable 
requirements. Each standard is then developed in more 
detail, with the rationale behind it, guiding questions and a 

“What can go wrong?” example: a hypothetical but frequent 
situation that shows the consequences of not applying 
the standard.

Each standard plays a distinct function: Standard 1 establishes the evaluative 
logic on which the others depend, and anchors the evaluation to the decision it 
must inform. Standards 2, 3 and 5 form the core of internal validity, addressing 
the three classic threats to causal credibility in quasi-experimental designs: 
selection and comparability, outcome measurement, and missing data or attri-
tion. Standards 4 and 6 address the real-world conditions under which inter-
ventions operate: how they are implemented, and whether they are affordable 
and sustainable. Standards 7 and 8 operate transversally across all the others: 
Standard 7 ensures the traceability and transparency of the evaluative judge-
ment, while Standard 8 places each evaluation within a cumulative process of 
learning and specifies the conditions under which its findings can travel.

Four principles underpin the standards:

The evaluation must make clear 
how the impact claim is construc-
ted and what risks of bias may 
affect it.

The evaluation must explain what 
was implemented, under what 
conditions, and how outcomes 
should be understood.

The evaluation must produce 
evidence that can inform deci-
sions about improvement, adap-
tation, scaling, procurement or 
discontinuation.

The evaluation must examine 
whether observed effects are 
distributed fairly, since a posi-
tive average effect can still mask 
widening gaps between students.

	         Credibility 	         Interpretability

	         Equity	         Usefulness
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Together, these principles recognise that quality in EdTech evaluations is not only 
a matter of statistical technique, but it also depends on the alignment between 
the intervention logic, causal design, outcome measurement, implementation 
evidence, cost information and transparency of reporting.
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Table 1: Eight actionable standards for quasi-
experimental impact evaluation in EdTech

The standards below do not replace existing methodological or implementation 
frameworks. Instead, they indicate when those frameworks should be used and 
translate their most relevant requirements into minimum actionable steps for 
QEDs in EdTech. Each standard identifies the main safeguard it provides, and the 
minimum actions needed to make impact claims more credible, interpretable 
and useful for decision-making.

Standard Main safeguard
Key question for 
commissioners Minimum actionable requirements

01
Theory of change 
and evaluative 
clarity

Avoid evaluating “techno-
logy”, “the platform” or “the 
devices”, when what schools 
receive is a model (devices, 
content, teacher training, 
coaching), and state how 
each mechanism will be 
observed.

What exactly are we 
evaluating, and through 
which mechanisms do 
we expect it to improve 
learning?

→	 Define the intervention model and core 
components.

→	 State expected mechanisms as testable “if… 
then…” statements.

→	 Define target population and relevant 
subgroups.

→	 define primary and secondary outcomes alig-
ned with the theory of change.

→	 state contextual and implementation assump-
tions required for impact (connectivity, devi-
ces, teacher time, leadership).

→	 Plan how mechanisms will be measured during 
implementation.

02
Selection, 
comparability and 
causal credibility

Assess and signal the risk 
that effects reflect which 
schools joined (better con-
nectivity, stronger leader-
ship, higher prior results) 
rather than the programme 
itself.

Why did these schools 
join, and why are the 
comparison schools a 
credible picture of what 
would have happened 
without the programme?

→	 Describe how schools, teachers or students 
entered the programme.

→	 Define and justify the comparison group.

→	 Assess baseline equivalence on key pre-in-
tervention variables; including teacher-level 
variables when assignment is by school.

→	 State the design’s key assumption and how it 
was checked*.

→	 report remaining risks of selection bias and 
unobserved confounding.

→	 conduct robustness or sensitivity checks*.

03
Outcome validity 
and meaningful 
measurement

Prevent platform usage, 
engagement or easily availa-
ble metrics (logins, minutes 
on the platform, completed 
activities or in-app scores) 
from being reported as lear-
ning impact

Is learning measured with 
an instrument the pro-
vider does not control, 
aligned with the theory 
of change and applied at 
the right time?

→	 Define primary and secondary outcomes 
before analysis.

→	 Separate usage, engagement, implementa-
tion and learning outcomes.

→	 Justify why each outcome is meaningful and 
aligned with the theory of change.

→	 Use independent or externally validated 
measures*.

→	 Triangulate platform data with other sources.

→	 Report limitations of platform-generated or 
provider-owned metrics.

→	 Avoid treating usage as direct evidence of 
learning impact.
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Standard Main safeguard
Key question for 
commissioners Minimum actionable requirements

04
Implementation 
and contextual 
transparency

Ensure effects are read in 
light of what actually happe-
ned in classrooms: dose 
received versus planned, 
device sharing, connectivity, 
teacher mediation and plat-
form changes.

Was the programme 
implemented as inten-
ded, and what explains 
differences across 
schools and teachers?

→	 Describe the programme as implemented, not 
only as designed.

→	 Report fidelity, dosage, intensity, adaptation 
and reach; including usage trajectories over 
time.

→	 Record key contextual conditions affecting 
implementation; and changes in platform, 
content, algorithms or delivery model.

→	 Collect stakeholder perspectives to explain 
the “why”.

→	 Analyse variation across schools and teachers; 
Report effects for pre-specified disadvanta-
ged subgroups*

→	 Interpret effects in light of implementation.

05
Missing data, 
attrition and 
robustness

Avoid basing impact claims 
only on the most visible, 
connected or engaged par-
ticipants, especially when 
missingness is related to 
access, use or implementa-
tion quality.

Who is missing from the 
data, why, and does it 
differ between groups?

→	 Report total and differential attrition (reduc-
tion in numbers from the original sample) and 
the reason for it;

→	 Test whether missingness relates to baseline 
characteristics or usage;

→	 Explain how missing data were handled;

→	 Run sensitivity checks using alternative sam-
ples, models or assumptions*;

→	 Avoid presenting complete-case results as 
definitive when missingness is systematic.

06
Cost, affordability 
and sustainability

Prevent effectiveness 
claims from being interpre-
ted without considering its 
full cost: devices and licen-
ces are often a fraction of 
total costs, which include 
connectivity, replacement, 
coaching and teacher time.

What does it cost per 
student to achieve this 
effect, who pays, and 
what would it cost at 
scale?

→	 Report costs in enough detail to recalculate 
them under different scenarios.

→	 Distinguish start-up, recurrent, maintenance 
and replacement costs.

→	 Identify who bears each cost (provider, minis-
try, school, families).

→	 Relate costs to observed outcomes*.

→	 Discuss affordability and sustainability at 
scale.

→	 Compare with alternative interventions when 
evidence allows.

07
Transparency, 
reporting and 
interpretability

Avoid overstated, or selec-
tive claims, especially when 
data come from the provi-
der’s platform or when those 
who analyse have a stake in 
the programme.

Could an independent 
reader trace how the 
impact claim was built, 
what was planned versus 
found, and who funded 
and analysed it?

→	 Document the evaluation protocol and analy-
sis plan before analysis.

→	 Report data sources, eligibility criteria and 
sample construction.

→	 Distinguish confirmatory from exploratory 
analyses.

→	 Make assumptions, deviations and limitations 
explicit.

→	 Disclose conflicts of interest and provider 
involvement.

→	 Report results in a way that supports compari-
son, synthesis and decision-making.
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Standard Main safeguard
Key question for 
commissioners Minimum actionable requirements

08
Transferability 
and progressive 
strengthening of 
evidence

Map the conditions under 
which an effect was found 
(context, platform version, 
dose, population, time) so 
others can judge whether 
it transfers, and plan what 
evidence comes next.

Under what conditions 
did this work, and would 
they hold in another 
context?

→	 State the level of certainty the evidence 
supports; do not treat a single study as 
conclusive.

→	 Describe the conditions and assumptions 
under which effects were observed

→	 Identify what remains uncertain and why; 
specify what evidence should be strengthe-
ned next;

→	 use findings to improve implementation and 
future evaluation design;

→	 update evidence when the intervention, plat-
form or context changes;

→	 Share data and documentation to future 
synthesis*.

(*) Required when data or context allow. If not done, the evaluation report must state why.

Standard 1: Theory of change 
and evaluative clarity 1

An evaluation should begin with a clear theory of change that explains how the 
EdTech intervention is expected to generate outcomes, for whom and under 
what conditions, and which decision the evaluation is meant to inform. This 
matters in EdTech because digital interventions often combine multiple com-
ponents: technology provision, platform use, teacher training, coaching, con-
nectivity, data systems, content alignment and institutional support.

Evaluating “the platform” when the model includes all of these makes the results 
impossible to attribute or replicate. Current evaluation standards accept that 
a combined intervention can produce a valid impact estimate for the package, 
provided the package is clearly defined (What Works Clearinghouse, 2022).

A credible theory of change should specify the problem addresses, the target 
population, the core components of the programme, the expected mechanisms 
of change, the outcomes to be measured and the contextual assumptions requi-
red for the intervention to work (Education Endowment Foundation, 2026).

→	 Evaluations of EdTech often report whether an intervention worked without 
explaining how (Haßler et al., 2025). Examples for mechanisms of change 
may include grounding technology in pedagogical processes, creating 
dynamic feedback, leveraging technology for adaptive teaching and plan-
ning for implementation.

1	 For intervention logic and theory of change, evaluation teams should draw on implementation-oriented 
frameworks such as the EEF Guidance on Theory of Change and logic model and broader implementation 
research frameworks, including CFIR, to specify the problem, intervention components, mechanisms, 
actors, implementation process and contextual assumptions.

01
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→	 EdTech assumptions may include access to devices, minimum connectivity, 
teacher readiness, curriculum alignment, student digital literacy, school lea-
dership, technical support or sufficient time for use.

Where possible, the theory of change should be tested and refined before a 
formal impact evaluation, through iterative or design-based research. Even for 
programmes already running, reviewing what is and is not working before the 
evaluation begins can strengthen both the programme and the study.

Guiding questions

→	 What exactly are we evaluating: the platform, 
or the model that surrounds it?

→	 Through which mechanisms do we expect 
learning to improve, and how will we observe 
them?

→	 Which conditions must hold for the 
programme to work, and do they hold in our 
schools?

→	 Which decision will this evaluation inform?

What can go wrong?

A funder commissions an evaluation of 
“the tablet programme”. The programme 
also includes teacher training and monthly 
coaching, but neither is documented. The 
evaluation finds a positive effect. No one can 
say whether it came from the devices, the 
training or the coaching, or whether a cheaper 
version would work.

This standard addresses a common risk in EdTech evaluation: treating tech-
nology as the intervention, rather than specifying the model of change that 
makes technology educationally meaningful. The relevant unit of evaluation is 
not simply a platform, device or software package, but the whole intervention 
model through which technology is expected to affect teaching, learning or 
system outcomes.

Standard 2: Selection, comparability 
and causal credibility 2

A QED must explain why the comparison group provides a credible estimate 
of what would likely have happened in the absence of the intervention. This is 
the central condition for causal inference. In EdTech, this challenge is especially 
important because schools, teachers or students who participate in a programme 
may differ systematically from non-participants in ways that affect outcomes. 
These differences may include prior achievement, resources, motivation, connec-
tivity, digital readiness, institutional capacity or previous exposure to technology.

2	 For selection bias, comparability and causal credibility, teams should consult WWC v5.0 for educa-
tion-specific standards on baseline equivalence, attrition and evidence ratings; ROBINS-I for domains of 
bias in non-randomised studies; and QED-specific guidance such as Scher et al. and Waddington et al. for 
design and risk-of-bias considerations.

02
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When evaluations are conducted after implementation has begun, the task is 
not to eliminate this risk but to assess and signal it transparently. The evaluation 
should make explicit how participants entered the programme, how the compa-
rison group was built, which variables were used to check baseline equivalence 
and what risks of unobserved confounding remain.

→	 When assignment is at school level, but implementation depends on tea-
chers, baseline equivalence should also be checked on teacher-level varia-
bles, such as prior EdTech use or digital competence, where these could 
shape effects. This is particularly relevant for teacher-facing tools, including 
generative AI.

Each design rests on a key assumption that should be stated and, where the data 
allow, checked. If a check is not feasible, the report should say why. Statistical 
techniques such as matching, difference-in-differences, regression disconti-
nuity or interrupted time series can strengthen causal credibility, but only if their 
assumptions are clearly justified and tested (see Annex 1).

Guiding questions

→	 Why did these schools join the programme, 
and why did others not?

→	 What makes the comparison schools 
a credible picture of what would have 
happened otherwise?

→	 What is the design’s key assumption, and 
how was it checked?

What can go wrong?

A provider compares test scores of schools 
that use its platform with those that do 
not, and reports the difference as impact. 
Participating schools had volunteered and 
already had better connectivity and higher 
prior scores. Part of the difference existed 
before the programme started.

This standard addresses the risk that impact claims are driven by pre-exis-
ting differences rather than by the intervention itself. A comparison group may 
appear similar on observable characteristics but still differ in ways that are diffi-
cult to measure, especially in contexts where participation is shaped by school 
readiness, provider engagement or digital infrastructure.

Standard 3: Outcome validity 
and meaningful measurement 3

A QED should measure outcomes that are valid, meaningful and aligned with  
 

3	 For outcome validity and measurement, teams should use EdTech evidence frameworks such as the 
Consolidated Benchmark/EVER and EdTech quality frameworks to distinguish use, engagement, efficacy 
and effectiveness claims. WWC standards should be consulted when assessing whether outcome measu-
res are valid, reliable, independent and aligned with the causal claim.

03
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the theory of change. In EdTech, this standard is essential because digital pro-
grammes often generate large amounts of data that can be mistakenly used as 
evidence of impact. Platform logins, time on task, number of completed acti-
vities or engagement scores may be useful for monitoring implementation, but 
they do not by themselves demonstrate improvements in learning, teaching qua-
lity or educational trajectories.

Outcome measures should distinguish between implementation indicators, 
intermediate outcomes and final outcomes. For example, frequency of plat-
form use may indicate exposure; student engagement may indicate a possible 
mechanism; but learning outcomes, progression, attendance or teacher prac-
tice require valid and independently interpretable measures. Primary outcomes 
should be measured with instruments that the provider does not control, that are 
aligned with the intended construct and that are administered at a time consis-
tent with the intervention.

Measures developed by intervention developers can produce meaningfully 
different effect sizes from independent ones, which is why major evidence clea-
ringhouses base their effectiveness ratings on independent measures where 
these exist (What Works Clearinghouse, 2022). Platform data remain valuable 
when they are triangulated with other sources, for example by linking usage 
records to independent assessments, to trace causal pathways.

This standard addresses the risk of overclaiming impact based on metrics that 
are easy to collect but weakly aligned with educational value. It also helps pre-
vent Goodhart-type problems, where indicators used for monitoring become 
targets in themselves and distort the interpretation of programme success.

This standard should also flag the risks associated with proprietary data and pro-
vider power. In EdTech, much of the evaluative risk comes from the fact that data 
are decided, produced and selected by providers themselves. Addressing this 
requires attention to the independence of the data, access to raw or auditable 
records, visibility over changes in algorithms or platform versions, potential bias 
embedded in indicators, and conflicts of interest between those who analyse 
and those who report results.

Guiding questions

→	 Is learning measured with an instrument the 
provider does not control?

→	 Is the measure aligned with what the 
programme is designed to change?

→	 Is it applied at the right time relative to the 
intervention?

→	 How will platform data be used: as evidence 
of exposure, of mechanisms or of impact?

What can go wrong?

An evaluation report concludes that “students 
who used the platform more achieved higher 
in-app mastery scores”, and presents this as 
evidence of learning impact. The measure 
was designed by the provider, rewards 
familiarity with the platform itself and has no 
comparison group.
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Standard 4: Implementation 
and contextual transparency 4

An evaluation should document not only whether an intervention was implemen-
ted, but how it was implemented, with what level of fidelity, adaptation, intensity 
and support. This is particularly important for EdTech because the same digi-
tal solution can produce different results depending on connectivity, teacher 
mediation, leadership, technical support, platform version, curriculum align-
ment, student access and school routines.

Teacher involvement is especially important: a 
systematic review of EdTech for disadvantaged 
pupils concludes that “learning gains may be 
limited – or even negative – without the active 
involvement of teachers” (Haßler et al., 2025).

This is important because a platform requiring stable connectivity may function 
well in one school and fail intermittently in another with unreliable electricity or 
internet access; a design that assumes daily teacher facilitation may falter where 
staffing or training is inconsistent. These are not peripheral details: they illustrate 
the broader principle that context conditions technique, and that the same inter-
vention can behave differently depending on the material and institutional con-
ditions in which it is implemented.

Implementation evidence helps interpret impact estimates. A null effect may 
reflect a weak intervention, poor implementation, insufficient exposure or a mis-
match between the programme and the context. A positive effect may depend 
on specific enabling conditions that are not automatically transferable to other 
settings. Positive final outcomes depend on a combination of implementation 
outcomes (adoption, fidelity, feasibility, acceptability and sustainability), and 
each should be monitored (Sharples et al., 2024).

In EdTech, platform analytics can show usage trajectories over time: high initial 
engagement often declines, leaving a smaller group of sustained users, which 
also matters for statistical power. Beyond process indicators, qualitative evi-
dence from teachers, school leaders and students helps explain why outcomes 
occurred and how the model could be adjusted.

4	 For implementation quality and contextual interpretation, teams should use implementation frameworks 
such as EEF implementation guidance and CFIR to document fidelity, adaptation, dose, reach, actors, set-
ting and implementation process. TREND can also guide transparent reporting of how the intervention was 
delivered.
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Guiding questions

→	 Did students receive the planned dose, and if 
not, why not?

→	 What conditions in schools (connectivity, 
devices, timetables, teacher support) 
shaped implementation?

→	 How did use evolve over time, and did it vary 
across schools and teachers?

→	 What do teachers and students say about 
how the programme works in practice?

What can go wrong?

An evaluation reports a null effect without 
implementation data. The funder discontinues 
the programme. Later it emerges that most 
schools received their devices four months 
late and teachers were never trained: the 
model that was evaluated was not the model 
that was designed.

This standard addresses the risk of producing impact claims that are statistically 
plausible but operationally uninterpretable. Without implementation evidence, 
decision-makers may know whether an effect was observed, but not what con-
ditions made it possible or what would be required to replicate, adapt or scale 
the intervention.

Standard 5: Missing data, 
attrition and robustness 5

A QED should make visible how missing data, attrition and incomplete imple-
mentation records affect the credibility of the findings. In EdTech, missingness 
is often related to the intervention itself. Students with limited connectivity, low 
attendance, weaker digital access or lower engagement may be less likely to 
generate platform data or appear in follow-up measures. Schools with weaker 
implementation capacity may also produce less complete records.

If not properly addressed, missing data and attrition can distort impact estima-
tes. The evaluation should report the amount and pattern of missing data, assess 
whether attrition differs between treatment and comparison groups, and explain 
how missingness was handled. Two kinds of attrition should be distinguished: 
attrition from the study (students not assessed at follow-up) and attrition from 
the intervention (students or teachers who stop using the programme).

Where possible, robustness checks should assess whether findings are 
sensitive to alternative assumptions, model specifications, samples or 
outcome definitions.

5	 For missing data, attrition and robustness, teams should use WWC standards for attrition and baseline 
equivalence, ROBINS-I for missing data and risk of bias domains, and JBI tools for critical appraisal of qua-
si-experimental studies.
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Guiding questions

→	 Who is missing from the data, and why?

→	 Does attrition differ between groups or 
relate to prior achievement or usage?

→	 Would the conclusions change under 
different assumptions about those who are 
missing?

What can go wrong?

The endline assessment is administered 
online. Students without connectivity at 
home or at school do not take it. The analysis, 
based only on complete cases, estimates the 
effect for the best-connected students and 
presents it as the programme’s effect.

This standard addresses the risk that impact estimates are based only on the 
most visible, connected or engaged participants, while excluding those for 
whom the intervention may have worked differently or not at all. This risk is 
also linked to equity, since those who are systematically absent from the data 
because of limited connectivity, low attendance, or restricted access are often 
the same students for whom the intervention might work differently. Evaluators 
should therefore ask directly: who is missing from the data, and could their 
absence be masking a different pattern of effects?

Standard 6: Cost, affordability 
and sustainability 6

An evaluation should support not only conclusions about whether an interven-
tion generated effects, but also whether those effects are meaningful in relation 
to cost, affordability and sustainability. This is central for EdTech because costs 
often extend beyond the visible monetary value of devices or licences. They may 
include infrastructure, connectivity, maintenance, technical support, teacher 
training, coaching, data systems, platform updates, replacement cycles and 
opportunity costs.

Decision-makers need to know whether the observed effects justify the resour-
ces required to produce them, who bears each cost (provider, ministry, school or 
families), whether the programme can be sustained once external support ends, 
and whether scaling would change either the cost structure or the expected 
effect. A statistically significant effect may still be impractical if the cost per lear-
ner is too high, the implementation model is too dependent on external support, 
or the technology requires constant updating that schools cannot afford.

6	 For cost, affordability and sustainability, teams should use EdTech Hub guidance on cost-effectiveness 
and decision-making, alongside EdTech quality frameworks that consider scalability, sustainability and fit-
ness-for-purpose. Where possible, cost information should distinguish start-up, recurrent and system-le-
vel costs.
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Guiding questions

→	 What does it cost per student to achieve this 
effect?

→	 Who pays for each component, and what is 
transferred to schools or families?

→	 What would it cost at scale, or once external 
support ends?

→	 What do comparison schools spend on 
similar activities?

What can go wrong?

An evaluation reports a licence cost of USD 8 
per student per year and concludes that the 
programme is highly cost-effective. It omits 
connectivity, device replacement every three 
years and the coaching visits that schools 
say were essential. The real cost is several 
times higher.

This standard addresses the risk of interpreting effectiveness without con-
sidering whether the intervention is financially viable, scalable or preferable 
to alternative uses of resources. The question also asks for the relative value 
(opportunity cost): does the intervention produce more value than other peda-
gogical, technological or hybrid alternatives available? Asking whether an inter-
vention is affordable is a critical question; evaluators should also ask what costs 
are transferred to schools, teachers or families, and how those costs change as 
the intervention scales. The standard’s role is to keep this question open and visi-
ble, not to settle it in advance.

Standard 7: Transparency, 
reporting and interpretability 7

A QED should report methods, assumptions, deviations, limitations and findings 
in a way that allows others to understand and scrutinise the basis of the impact 
claim. Transparency is especially important in EdTech because evaluations may 
rely on proprietary data, provider-generated metrics, complex algorithms or 
evolving platforms. Without clear reporting, decision-makers cannot judge 
whether findings are credible, comparable or relevant to their context.

Transparent reporting should include the intervention model, eligibility criteria, 
data sources, comparison strategy, baseline equivalence, outcomes, missing 
data, analytical decisions, implementation variation, limitations and conflicts of 
interest. It should also distinguish clearly between confirmatory and exploratory 
analyses, and between causal findings, associations and implementation insi-
ghts. Transparency here should also extend to data independence and provider 
power: visibility over changes in algorithms or platform versions, awareness of 

7	 For transparency and reporting, teams should use TREND for reporting non-randomised evaluations, WWC 
and ROBINS-I for reporting causal assumptions and risks of bias, and EdTech-specific frameworks when 
reporting provider involvement, proprietary data, platform-generated metrics or product changes.
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bias embedded in indicators, and disclosure of conflicts of interest between 
those who analyse and those who report results.

This standard addresses the risk that positive findings are overstated, selecti-
vely reported or difficult to interpret. It also supports evidence accumulation by 
making future synthesis, replication or adaptation more feasible.

Guiding questions

→	 Could an independent reader trace how the 
impact claim was built?

→	 Was the analysis plan documented before 
the results were known?

→	 Are exploratory findings clearly labelled as 
such?

→	 Who funded, implemented, analysed and 
reported the evaluation?

What can go wrong?

An evaluation measures the programme’s 
effects on mathematics, reading and 
attendance. Only mathematics improves. 
The executive summary states that “the 
programme improves learning” and does not 
mention reading or attendance. Decision-
makers conclude that the programme works 
across the board.

Standard 8: Transferability and 
progressive strengthening of evidence 8

A single evaluation rarely settles whether an EdTech intervention works. More 
importantly for decision-makers, an effect estimated in one setting is not a per-
manent property of a programme: it holds under the conditions in which it was 
produced. This standard therefore asks evaluations to map those conditions 
(context, platform and content version, dose, population, implementation model 
and period) so that others can judge whether the findings are likely to hold in their 
own setting, and to specify what evidence should come next.

QED evidence should be interpreted as part of a broader process of evidence 
strengthening. In many EdTech contexts, especially where evidence ecosys-
tems are still developing, the first evaluation may not provide definitive answers. 
However, it can identify promising effects, relevant implementation conditions, 
data gaps and priorities for future evaluation.

Evidence can be strengthened over time. A first QED may use available admi-
nistrative data and provide preliminary causal evidence. A second study may 
improve measurement, strengthen comparison conditions or include implemen-
tation and cost evidence. Later evaluations may test mechanisms, subgroup 

8	 For progressive evidence strengthening, teams should use EdTech evidence maturity frameworks such as 
the Consolidated Benchmark/EVER (Kucirkova et al., 2024), 3E-Framework and WiKIT to position current 
evidence, identify what remains uncertain and define the next stage of evidence generation or synthesis.

08



M E ASU R I N G W H AT M AT T E RS I N E DT ECH I N N OVAT I O N S 29

effects, sustainability or scalability. Because EdTech changes rapidly, evidence 
also needs updating when the platform, content or delivery model changes. The 
goal is not to wait for perfect evidence, but to build a cumulative and transparent 
learning process.

Guiding questions

→	 Under what conditions was this effect 
observed?

→	 Do those conditions hold in my context?

→	 How confident can we be, and what remains 
uncertain?

→	 What evidence should be produced next, 
and when should it be updated?

What can go wrong?

A ministry scales a programme nationally on 
the basis of a positive pilot in one municipality, 
without documenting that the pilot had 
smaller classes, a dedicated coordinator 
and reliable connectivity. None of these 
conditions hold at national scale.

 
 
These eight standards are intended to support better evaluation decisions 
before, during and after a QED. Before the evaluation, they help define what must 
be specified and documented. During the evaluation, they help identify risks 
that may weaken interpretation. After the evaluation, they help decision-makers 
judge what can be concluded, what remains uncertain and what evidence should 
be strengthened next.



What these standards 
can and cannot solve
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What these standards strengthen
The standards proposed in this framework are intended to improve the quality 
of QED evidence in EdTech by making impact claims more credible, transpa-
rent and useful for decision-making. Their main contribution is to make explicit 
the conditions under which a QED can support a responsible impact claim. This 
is particularly important in EdTech, where interventions often combine multi-
ple components, evolve during implementation and generate data that may be 
useful for monitoring but insufficient for causal inference. By requiring evaluators 
to document intervention logic, comparability, measurement, implementation, 
missing data, cost and reporting decisions, the standards help reduce the risk of 
overclaiming results or interpreting weak evidence as definitive proof.

The standards also support better communication between who commission, 
conduct and use evaluations. Instead of presenting results only as “positive”, 

“negative” or “not significant”, they encourage a more precise interpretation of 
what can be concluded, what remains uncertain and what evidence should be 
strengthened before scaling, procurement or disinvestment decisions are made.

What these standards do not replace

These standards do not replace the need for strong evaluation design, inde-
pendent data, technical expertise or institutional capacity. They also do not turn 
weak data into strong evidence. A QED remains vulnerable to bias when compa-
rison groups are poorly constructed, baseline data are limited, attrition is high, 
outcomes are weakly measured or relevant confounders cannot be observed.

Nor do these standards replace experimental designs when randomisation is 
feasible, ethical and useful for the decision at hand. Randomised controlled trials 
remain an important source of causal evidence. The purpose of this report is not 
to present QEDs as equivalent to RCTs in all circumstances, but to clarify how 
quasi-experimental evidence can be strengthened when randomisation is not 
available or when programmes are already operating at scale.

The standards also cannot resolve all challenges associated with EdTech markets 
and governance. They can make provider involvement, proprietary data, cost 
assumptions and platform changes more visible, but they cannot by themselves 
eliminate conflicts of interest, guarantee data access or ensure that evidence 
will be used in decision-making. These issues require institutional arrange-
ments, procurement rules, data governance agreements and independent 
review mechanisms.

Using standards wisely

The standards should be applied proportionally to the maturity of the interven-
tion, the decision at stake and the quality of available data. A pilot evaluation, a 
national procurement decision and a regional scaling strategy do not require 

4.1

4.2

4.3
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the same level of evidence, but all require clarity about what can and cannot 
be concluded.

Table 2. Matching evidence to the decision at stake:

Decision at stake Evidence typically needed

Improve the intervention Implementation evidence and intermediate outcomes

Continue funding it Evidence of plausibility, use and early outcomes

Scale it Robust evidence on effects, costs, heterogeneity and sustainability

Discontinue it Clarity on whether the problem lies in design, implementation or context

Illustrative; the evidence required should be judged case by case.

The priorities also shift with programme maturity:

For early-stage interven-
tions, the priority is to clarify 
the theory of change, test 
feasibility, document imple-
mentation and identify plau-
sible outcomes.

For programmes already 
operating at scale, it is to 
strengthen causal inference, 
examine heterogeneity, esti-
mate cost-effectiveness and 
assess sustainability.

For mature interventions, it 
is to update evidence, test 
adaptation across contexts 
and check whether effects 
remain stable over time.

This proportional approach avoids two risks:

1. Lowering standards simply because contexts are resource-constrained.

2. Applying standards so rigidly that useful evidence is dismissed because it does not 
meet ideal conditions.

The purpose of actionable quality standards is to support better judgement: to 
identify what is credible enough for a given decision, what should be interpre-
ted cautiously and what requires further evidence before stronger claims can 
be made.

Implications for evidence ecosystems

The tensions described in this framework are particularly acute in constrained 
evidence systems: systems in which the organisational and technical infrastruc-
ture for generating, synthesising and using evidence remains underdeveloped. 
These ecosystems are characterised by fragmented administrative data, limi-
ted technical capacity for data analysis, weak evaluative independence, low 
demand for evidence and the absence of institutional mechanisms to synthesise 
and use it (Suazo-Galdames et al., 2025; Gough et al., 2020).

4.4
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In contexts like these, the problem is not only how to produce more evidence, but 
how to produce rigorous and relevant evidence: evidence that informs policy 
and school decisions, supports programme improvement and, ultimately, con-
tributes to improving learning.

Improving the quality of EdTech QEDs is not only a technical task. It is also part 
of strengthening evidence ecosystems. Better evaluations require better data 
systems, clearer intervention documentation, transparent reporting, indepen-
dent review, synthesis capacity and stronger links between evidence producers 
and decision-makers.

The goal, therefore, should not be to produce isolated evaluations, but to build 
cumulative learning infrastructure. Each evaluation should leave behind clearer 
data, better documentation, stronger assumptions, more transparent limitations 
and a more precise agenda for future evidence generation. Over time, this can 
help education systems move from fragmented claims about what works to a 
more systematic understanding of what works, for whom, under what conditions, 
at what cost and with what level of certainty.

In this sense, the standards proposed in this report should be understood as 
a practical contribution to responsible EdTech evaluation. They do not elimi-
nate uncertainty, but they help make uncertainty visible. They do not guarantee 
impact, but they strengthen the conditions for interpreting impact claims. They 
support a more disciplined use of evidence in decisions about whether to con-
tinue, adapt, scale or stop EdTech interventions. Ultimately, the aim is not only 
to improve individual evaluations, but to raise the quality of evidence available 
to sustain decision-making in EdTech. This means focusing on what evaluation 
can realistically offer, rather than dwelling on the methodological limitations of 
the contexts in which EdTech interventions unfold. It also means recognising a 
shared commitment: to build evidence that is public, cumulative, and oriented 
towards equity, learning and sustainability.
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Annex 1. Quasi-experimental designs: 
key assumptions and how to check them

Design Key assumption How to check it Data needed

Matching No unobserved differences that 
affect both participation and out-
comes (cannot be tested directly)

Balance on baseline covariates; over-
lap in propensity scores; robustness to 
alternative matching methods

Rich pre-intervention data for 
both groups

Difference-in-
differences

Without the programme, both 
groups would have followed para-
llel trends

Compare pre-intervention trends; 
placebo tests with a “false” treatment 
group or outcome

At least two pre-intervention 
measurements plus follow-up

Regression 
discontinuity

Units just above and below an eli-
gibility threshold are comparable; 
the threshold is not manipulated

Density of the eligibility index around 
the threshold; no jump in baseline out-
comes; sensitivity to bandwidth

A continuous eligibility index 
with a clear cut-off; effects 
are local to the threshold

Source: adapted from Gertler et al. (2016)




